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Abstract

Authorship identification is a core problem
in Natural Language Processing and compu-
tational linguistics, with applications spanning
digital humanities, literary analysis, and foren-
sic linguistics. While substantial progress has
been made for English and other high-resource
languages, authorship attribution for languages
written in the Arabic (Abjad) script remains
underexplored. In this paper, we present an
overview of AbjadAuthorID, a shared task
organised as part of the AbjadNLP workshop
at EACL 2026, which focuses on multiclass
authorship identification across Arabic-script
languages.

The shared task covers Modern Standard Ara-
bic, Urdu, and Kurdish, and is formulated as
a closed-set multiclass classification problem
over literary text spanning multiple authors and
historical periods. We describe the task mo-
tivation, dataset construction, evaluation pro-
tocol, and participation statistics, and report
official results for the Arabic track. The find-
ings highlight both the effectiveness of cur-
rent approaches in controlled settings and the
challenges posed by lower participation and
resource availability in some language tracks.
AbjadAuthorID establishes a new benchmark
for multilingual authorship attribution in mor-
phologically rich, underrepresented languages.

1 Introduction

Authorship identification seeks to determine the
author of a given text based on linguistic and stylis-
tic cues. It is a long-standing problem in NLP,
with established applications in literary studies,
plagiarism detection, and forensic analysis (Abu-
dalfa et al., 2025b; Mosteller and Wallace, 1963;
Lagutina et al., 2019). Traditional approaches have
relied on stylometric features and classical classi-
fiers, while more recent work has leveraged neural
representations and transformer-based models to
capture higher-level stylistic patterns and improve

attribution performance (Devlin et al., 2019; Huang
et al., 2025).

Despite this progress, most existing benchmarks
and evaluations focus on English or other languages
written in the Latin script. Languages that use the
Arabic script, such as Arabic, Urdu, and Kurdish,
pose distinct challenges due to rich morphology,
orthographic ambiguity, and substantial variation
across language families that nevertheless share a
common writing system. These properties com-
plicate feature extraction and model generalisa-
tion, particularly in multiclass settings involving a
large number of candidate authors (Alqahtani and
Dohler, 2023; El-Haj et al., 2018). Dialectal vari-
ation, inconsistent spelling, and omitted diacritics
further increase ambiguity, limiting the transferabil-
ity of methods developed for Latin-script languages
and motivating dedicated benchmarks for Arabic-
script languages.

The AbjadAuthorID shared task builds on ear-
lier work introduced in the AraGenEval shared task
at the Third Arabic Natural Language Processing
Conference (ArabicNLP) in 2025 (Abudalfa et al.,
2025a). AraGenEval provided the first large-scale
benchmark for Arabic authorship analysis, includ-
ing authorship identification, authorship style trans-
fer, and AI-generated text detection. While its
results demonstrated strong performance for Ara-
bic authorship identification in controlled settings,
they also highlighted the need for broader multilin-
gual evaluation and deeper analysis across different
Arabic-script languages.

AbjadAuthorID extends this line of work by
framing authorship identification as a multilin-
gual, multiclass problem across Arabic, Urdu, and
Kurdish. By focusing on literary text drawn from
multiple authors and historical periods, the task
aims to advance research on robust authorship at-
tribution methods for morphologically rich, under-
represented languages that share the Abjad writing
system (El-Haj and Ezzini, 2024).



539

2 Related Work

Authorship Identification concerns the problem
of attributing a given text to its correct author from
a predefined set of candidates (Mosteller and Wal-
lace, 1963). The area has its origins in stylometry,
which assumes that authors exhibit distinctive and
measurable writing habits that can be exploited for
attribution (Mosteller and Wallace, 1963; Lagutina
et al., 2019). Early research relied heavily on man-
ually crafted lexical, syntactic, and structural fea-
tures, such as word usage patterns, sentence length
distributions, and punctuation statistics, combined
with classical machine learning classifiers includ-
ing Naive Bayes, logistic regression, and support
vector machines (Aborisade and Anwar, 2018; Bac-
ciu et al., 2019).

The introduction of deep learning substantially
reshaped the field by reducing dependence on ex-
plicit feature engineering and enabling models to
learn stylistic representations directly from data
(Bauersfeld et al., 2023; Huang et al., 2025). A
range of neural architectures has since been ex-
plored, including recurrent neural networks (Bag-
nall, 2015), long short-term memory models (Qian
et al., 2017), and convolutional neural networks
operating at the character and word levels (Ruder
et al., 2016; Shrestha et al., 2017). More com-
plex designs, such as Siamese architectures and
attention-based models, have been proposed to cap-
ture inter-text similarity and author-specific pat-
terns more explicitly (Boenninghoff et al., 2019;
Saedi and Dras, 2021).

With the emergence of large-scale pre-trained
language models, transformer-based approaches
have become the dominant paradigm for author-
ship identification. Models based on BERT and
its extensions (Devlin et al., 2019; Fabien et al.,
2020; Huertas-Tato et al., 2022) consistently out-
perform earlier neural methods, particularly when
combined with techniques such as supervised con-
trastive learning (Khosla et al., 2020). Despite
these gains, challenges remain, notably in terms of
cross-domain robustness and the interpretability of
learned stylistic features (Rivera-Soto et al., 2021).
More recently, large language models (LLMs) have
been investigated as tools for representation learn-
ing, data annotation, and even direct end-to-end
attribution, showing encouraging results in domain
adaptation and explainability (Brown et al., 2020;
Huang et al., 2024, 2025).

In the context of Arabic NLP, authorship iden-

tification has been studied across a wide range
of genres, including classical texts, poetry, reli-
gious writing, and contemporary online content
(El-Haj, 2020, 2025a). Early evaluation efforts,
such as PAN/CLEF shared tasks on author profil-
ing (Rosso, 2017) and AraPlagDet on plagiarism
detection (Bensalem et al., 2015), provided useful
resources but did not explicitly target multiclass
authorship attribution for Arabic. A comprehen-
sive survey of Arabic authorship studies reports
substantial variation in performance, largely at-
tributable to differences in genre, feature repre-
sentation, and dataset scale, and highlights the ad-
ditional complexity introduced by Arabic morphol-
ogy and diglossia (Alqahtani and Dohler, 2023;
El-Haj et al., 2018).

Recent work has demonstrated the benefits
of Arabic-specific pre-trained models, including
AraBERT (Antoun et al., 2020a), AraELECTRA
(Antoun et al., 2020b), and CAMeLBERT, which
outperform multilingual alternatives on a range
of authorship-related tasks, such as attribution of
classical poetry and legal texts (AlZahrani and Al-
Yahya, 2023; Alqurashi et al., 2025). However, gen-
eralisation across domains remains difficult, with
models trained on informal or contemporary data
often failing to transfer effectively to literary or
historical text. The absence of large, unified bench-
marks further complicates systematic comparison.
AraGenEval was introduced to address this limita-
tion by offering a controlled, multi-author bench-
mark for Arabic authorship analysis, a gap that the
AbjadAuthorID shared task extends to a broader
set of Arabic-script languages.

3 Task Description

Hosted as part of the AbjadNLP workshop at EACL
2026 (El-Haj, 2025b, 2026), AbjadAuthorID is for-
mulated as a closed-set multiclass classification
task. Given a text excerpt written in the style of a
particular author, systems are required to predict
the correct author from a predefined set of candi-
dates.

The shared task is organised into three language-
specific tracks, each evaluated independently using
the Codabench platform.

3.1 Arabic Authorship Identification

This track targets Modern Standard Arabic. The
dataset consists of literary text from 21 authors,
with ten publicly accessible books per author. Each
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book is segmented into semantically coherent para-
graphs. Selected paragraphs are rephrased into a
standardised formal style using an automated para-
phrasing process, resulting in stylistically consis-
tent inputs while preserving author-specific charac-
teristics. The data is split into training, validation,
and test sets.

3.2 Urdu Authorship Identification

The Urdu track follows the same task formulation
and dataset construction methodology as the Arabic
track. It enables investigation of authorship attri-
bution in a lower-resource setting, where stylistic
variation and limited training data pose additional
challenges. The dataset is likewise divided into
training, validation, and test splits.

3.3 Kurdish Authorship Identification

The Kurdish track, focusing on authors of Cen-
tral Kurdish (Sorani), extends the task to another
Arabic-script language with distinct linguistic prop-
erties. As with the other tracks, the dataset com-
prises literary text from multiple authors and is or-
ganised into training, validation, and test partitions.
This track is intended to encourage exploration of
authorship attribution in even lower-resource con-
texts.

3.4 Input and Output

For all tracks, the input to the system is a text seg-
ment, typically a paragraph, written in the style of
a specific author. The output is the predicted author
name, returned exactly as it appears in the dataset.
Systems are evaluated against gold-standard author
labels provided in the data.

3.5 Evaluation Metrics

Performance is evaluated primarily using the
macro-averaged F1 score, which accounts for class
imbalance across authors. Accuracy, precision, and
recall are reported as secondary metrics. Additional
qualitative analysis is encouraged to assess robust-
ness across text lengths and stylistic variation.

4 Data

4.1 Corpus Collection for Arabic

We compiled a corpus drawn from the writings
of 21 different authors, all of which are available
in the public domain. For each author, ten books
were selected. These works were segmented into

logically consistent paragraphs. This procedure re-
sulted in aligned source–target paragraph pairs cov-
ering the following authors: A. Amin, A. T. Pasha,
A. Shawqi, A. Rihani, T. Abaza, G. K. Gibran, J.
Zaydan, H. Hanafi, R. Barr, S. Moussa, T. Hussein,
A. M. Al-Aqqad, A. G. Makawi, G. Le Bon, F. Za-
karia, K. Kilani, M. H. Heikal, N. Mahfouz, N. El
Saadawi, W. Shakespeare, and Y. Idris.

4.2 Corpus Collection for Urdu
We curated an Urdu literary corpus by crawling
publicly available textual content from the Rekhta
digital library. The corpus consists of prose arti-
cles and short literary texts authored by a diverse
group of prominent Urdu writers, covering multiple
literary movements and stylistic traditions.

Texts were collected for the following authors:
Qurat-ul-Ain Haider, Saadat Hassan Manto, Ra-
jinder Singh Bedi, Ghulam Abbas, Ismat Chugh-
tai, Prem Chand, Krishan Chander, Mumtaz Mufti,
Muhammad Hameed Shahid, and Ahmad Nadeem
Qasmi.

For each author, multiple articles were extracted
to ensure adequate thematic coverage and linguistic
diversity. The collected texts were preprocessed
to remove metadata, formatting artifacts, and non-
content elements, resulting in a clean corpus con-
taining only Urdu text. After cleaning and other
filtering steps, a subset of approximately 10K sen-
tences per author were released from which train,
dev and test splits were created.

4.3 Corpus Collection for Kurdish
We assembled a Kurdish literary dataset by har-
vesting texts from openly accessible online sources.
The collection brings together works produced by a
wide range of well-known Kurdish authors. Mate-
rials were gathered from the writings of 16 individ-
uals: Hejar, Hêmin, Cemîl Sa’îb, Ehmed Mux-
tar Caf, Melay Gewre, Zêwer, Mela Mihemedî
Çirustanî, ’Elaeddîn Seccadî, Cemall Nebez, Si-
ware Îlxanîzade, Hesen Qizillcî, Îbrahîm Ehmed,
Kerîm Begî Caf, Ehlam Mensûr, Mela Kerîm Sarde
Kosanî and Elî Hesenyanî. After preprocessing
using KLPT (Ahmadi, 2020) and filtering steps,
number of total sentences are about 10K divided
into trining, val, test as 70 %, 10%, and 20%.

5 Results
This section reports the official results released on
the Codabench platform for the AbjadAuthorID
shared task.
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5.1 Arabic Track Results
Table 1 summarises the top-performing systems
for the Arabic authorship identification track. The
results indicate strong performance by the leading
system, with a noticeable performance gap between
the top-ranked and lower-ranked submissions.

Participant ID Macro-F1 Accuracy

zaghloul2012 0.93211 0.96339
grkurdi 0.88972 0.9244
33_tree 0.86958 0.90503
HCMUS_PrisonDilemma 0.84493 0.87674
mayar_boghdady 0.84002 0.88042
shahadsuh 0.83635 0.86913
Ali Al-Laith 0.79183 0.84785
hurryte 0.79011 0.83002

Table 1: Results for the Arabic authorship identification
track.

The Arabic track attracted 15 registered partic-
ipants, with a total of 68 submissions evaluated
during the development and final phases.

5.2 Urdu Track Results
The authorship attribution task for Urdu attracted
two teams in total, but only one of them submitted
a system that met the evaluation requirements. As a
result, the final leaderboard includes a single entry:
the participant “shahadsuh,” which achieved an F1
score of 0.39512 and an accuracy of 0.35464.

5.3 Kurdish Track Results
In the Kurdish track, two teams initially enrolled,
but only a single acceptable entry was submitted at
the final evaluation stage. The system achieved an
F1-score of 0.59643 and an accuracy of 0.750623,
and the submission was produced by the participant
“rania-azad”

6 System Overview

Across the submitted system papers, authorship at-
tribution is uniformly treated as a closed-set, multi-
class classification task. However, the ways in
which systems encode and exploit stylistic infor-
mation differ considerably.

A number of approaches rely on transformer-
based architectures including AraBERT, XLM-
RoBERTa, and LLMs which are typically fine-
tuned to model stylistic patterns rather than re-
lying solely on surface-level lexical features. To
cope with real-world challenges such as excessive

document length, teams frequently adopt sliding-
window segmentation combined with various pool-
ing mechanisms. In several cases, transformers are
enhanced through architectural constraints, such
as layered classification heads or dual-dropout
schemes, or are combined with conventional ma-
chine learning components within ensemble frame-
works.

Alongside these neural approaches, character-
level n-gram features paired with linear SVM clas-
sifiers continue to serve as competitive and widely
used baselines. Such models are particularly effec-
tive at capturing subtle orthographic and morpho-
logical cues, which are especially informative in
languages with complex morphology. Additional
techniques—including confidence calibration, se-
lective pseudo-label generation, and result rerank-
ing—are applied in some systems, most notably
when LLMs are used in few-shot configurations,
to mitigate issues related to class imbalance and
domain heterogeneity.

7 Discussion

A recurring insight with this work is the challenge
to the common belief that increasing model size
or semantic capacity automatically leads to bet-
ter stylometric performance. Several contributions
demonstrate that leaner or less complex approaches
can surpass LLMs, especially in Arabic authorship
attribution. In particular, AraBERT-base shows
more reliable generalization to unseen data than its
larger counterpart, AraBERT-large, while character-
level n-gram SVMs achieve markedly stronger
results than deep neural architectures in the top-
performing Arabic system.

Taken together, these outcomes imply that stylis-
tic signals in Arabic-script languages are frequently
grounded in surface-level features—such as mor-
phology and orthography—rather than in abstract
semantic representations. This interpretation is sup-
ported by class-wise evaluations: systems perform
well on translated or contemporary prose, yet strug-
gle with genres governed by strict or shared formal
conventions, notably classical poetry, where stylis-
tic variation is constrained.

Results across languages further underline that
no single modeling strategy is universally optimal.
Fine-tuned transformer models work well for Ara-
bic and Kurdish, whereas more conventional lexical
approaches remain more stable for Urdu. Although
LLMs tend to underperform in zero-shot scenarios,
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they exhibit potential when incorporated as rerank-
ing components in few-shot frameworks, suggest-
ing their comparative reasoning abilities may be
more valuable than direct prediction in stylometric
classification.

8 Limitations

Although the reported experiments yield encour-
aging outcomes, important constraints remain. To
begin with, many approaches depend on narrowly
tailored mechanisms—such as window-based seg-
mentation, aggregation schemes, or after-the-fact
calibration—that tend to be brittle when transferred
to new datasets or domains. Moreover, uneven re-
sults across genres and author categories point to
persistent difficulties in separating idiosyncratic au-
thorial traits from broadly shared stylistic norms, a
problem that is especially pronounced in rigid or
highly conventionalized literary settings.

In addition, the scarcity of resources for several
of the studied languages limits the effective use
of large-scale models, both because of insufficient
training material and an elevated risk of overfitting.
Lastly, while ensemble-based and hybrid methods
deliver the strongest results, their increased archi-
tectural complexity and computational demands
raise concerns about scalability and real-world ap-
plicability.

9 Conclusion

The findings from this work make clear that ad-
vances in stylometric modeling for Arabic-script
languages do not emerge from a uniform pattern
of scale-driven improvement. Strong performance
is instead achieved by approaches that align model
complexity with language-specific features, fre-
quently privileging representations informed by
morphology rather than relying exclusively on se-
mantic abstraction. In this respect, the results com-
plicate the assumption that LLMs alone guaran-
tee better outcomes and underscore the continued
relevance of classical techniques when they are
judiciously integrated with contemporary neural
methods.

This shared task broaden the scope of authorship
attribution by moving past Arabic to incorporate
relatively neglected languages such as Urdu and
Kurdish. In doing so, they introduce new evalu-
ation standards and illuminate trade-offs that are
highly dependent on linguistic context. Ongoing
research is likely to advance through closer engage-

ment with linguistic structure, systematic testing
across genres, and a more measured use of LLMs
as supportive tools rather than central drivers within
authorship attribution systems.
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